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DARTMOUTH COLLEGE
Department of Mathematics 2 Autronemy
HANOVER - NEW HAMPSHIRE
March,
1956
¥r. Ray Solomonoff
Teckmical Research Group

17 Union Square West
New York, New York

Dear Hay:

You are one of the people
we should like to invite to the

Summer Research Project on Artifi-
cial Intelligence."

Terms: $1,200 — $900 of
which will probably count as a fel-
lowship and be tax free, plus
traveling expenses.

Dates: June 18 to Aug. 17

Place: Hanover, N. H.

(a cool place).
Can we count on you?
Best regards,
2/2 =

John McCarthy
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ELIZA Terminal E.L.IL.ZA. Talking

LL IIII
LL IT
LL IT
LL IT
LLLLLL IIII

Welcome to

EEEEEE LL II11 2222222  AAAAA
13 LL 11 22 AR AA

EEEEE LL 11 222 AAAAAAA
13 LL 11 22 AR AA
EEEEEE LLLLLL IIII 2222222 AA AA

ELIZA is a mock (Rogerian) psychotherapist.

The original program was described by Joseph Weizenbaum in 1966
This implementation (“elizabot.js’) by Norbert Landsteiner 2005
Graphics and real-time text to speech integration added in 2013

herap

11

ssss  Type or click the microphone-button below for voice input.
VOICE SETUP
Please choose an accent to be used by ELIZA (speech output):

[1]  English - US
[2] English - EN

digivox

= https://www.masswerk.at/elizabot/
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DeeplD2+
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GaussianFace
98
DeeplD A peepFace
96 | TL Joint Bayesian WF R+FCNI
High-dim LBP M
94 Hybrid Deep
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Zhou E, Cao Z, Yin Q (2015) Naive-deep face
recognition: Touching the limit of LFW benchmark
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U SR v i

"yes" is equal to uniform_layer_flow
THETA is greater than 45.0

THETA is less than or equal to 90.0

C4 is greater than (Lm/(0.8*(Hs-H0)))

C6 is greater than (Lb/(0.8*(Hs-H0)))

C9 is less than or equal to (Lt/(0.8A(Hs-HO0)))
flow_type_ok is confirmed

"V2" is asssigned to flow_type

"No" is assigned to wake_attachment

Find coanda_attachment_value

Ne
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Deep

Learning
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Structure Image

Di o Customer Retention
Iscovery Classification

» \)
2 E o

Big data Dimensionality Feature |denity Fraud
Visualistaion Reduction Elicitation Detection

Classification Diagnostics

Advertising Popularity
Prediction

Learning Learning Weather

Forecasting
*
Targetted M ac h I n e Population

Marketing Growth

Recommender Unsupervised Supervised

Systems

Clustering Regression

Market
Forecasting

Prediction

Customer

Segmentation L e a r n i n g

Estimating
life expectancy

Real-time decisions Game Al

Reinforcement
Learning

Robort Navigation Skill Acquisition

Learning Tasks

https://towardsdatascience.com/machine-learning-types-2-c1291d4{04b1
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Deduct1on)

= F Ol E AR R W
i [N KGR R

- JIR B

Induction and Inverse Deduction

Humans

Machine Learning

Limited number of
observations

High number of observations

Observing &
experimenting

Rule

Rule

|

!

Inducing more rules based

on rational arguments

Optimizing the set of rules
based on mathematics
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C3: f. maps 16@10x10
INPUT C1: feature maps S4: f. maps 16@5x5

6@2
32x32 i S2: f. maps
6@14x14

] Full oonAection ‘ Gaussian connections
Convolutions Subsampling Convolutions Subsampling Full connection




Lots of configurations
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http:/Awww.asimovinstitute.org/neural-network-zoo/
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natural law, adaptation,
evolution, social Darwinism,

survival of the fittest,
Darwinian theory, Darwinism

.pl
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Wl Thesaurus.plu

what are other
words for
biological evolution?
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Takeaways

Use the networks trained for a certain task (with different loss objectives) for several other tasks

a
Folout policy

Py Py

SL policy network

d=3 d =maxD

Processthe simulation until the game ends,
then repont win [ lose results

e.g. it wins 13 times if the next stone gets placed here

37,839times

431,320 times

b

Human expert positions
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deep neural networks and tree search. Nature 529(7587):484-489

http://www.slideshare.net/ShaneSeungwhanMoon/how-alphago-works
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could now generate highly realistic videos of
/A using existing audio and video clips of him

https://www.youtube.com/watch?v=dkoi7sZvWiU
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